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The Model
1. follow edges uniformly with

probability �, and
2. randomly jump with probability

1� �, we’ll assume everywhere is
equally likely

The places we find the
surfer most often are im-
portant pages.
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the pagerank model an implicit equation

Let x1, x2, x3, x4, x5, x6 be the probability of �nding the surfer
at page 1, 2, 3, 4, 5, 6 a�er a really really long time.

We “implicitly” assume that these probabilities exist.

probability of �nding the surfer at 1
= sum over ways of getting to 1 ⋅ probability of each way.

x1 =

x2 =

1
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the pagerank model

x1 =

x2 =

x3 =

x4 =

x5 =

x6 =
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